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Abstract

A lot of research is being going until this day in order to obtain stable profit in the stock market. Trading
algorithms are widely used, accounting for over 80% of the trading volume of the US stock market. Despite a lot
of research, there is no trading algorithm that always shows good performance. In other words, there is no
guarantee that an algorithm that performed well in the past will perform well in the future. The reason is that there
are many factors that affect the stock price and there are uncertainties about the future. Therefore, in this paper,
we propose a model using TimeGAN that predicts future returns well and selects algorithms that are expected to
have high returns based on past records of the returns of algorithms. We use TimeGAN becasue it is probabilistic,
whereas LSTM method predicts future time series data is deterministic. The advantage of TimeGAN probabilistic
prediction is that it can reflect uncertainty about the future. As an experimental result, the method proposed in this
paper achieves a high return with little volatility and shows superior results compared to many comparison
algorithms.
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